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A Study on the Ethical Risk Governance and Multidimensional Application

Value Assessment of the DeepSeek Large Language Model in Higher Education

Yin Lijun, Song Haijun, Shi Xuekui, Chen Jing
Hebei Vocational University of Technology and Engineering, Xingtai, Hebei 054035, China

Abstract: With the rapid advancement of generative artificial intelligence, large language models
(LLMs) have been increasingly applied in higher education, including teaching, research, and
administrative management. As a representative domestic LLM, DeepSeek has demonstrated strong
technical adaptability and application potential in various university contexts. However, its
deployment also raises ethical concerns related to data security, privacy protection, content bias, and
academic integrity.This paper systematically analyzes the technical architecture of DeepSeek and its
current deployment in higher education institutions. Based on the findings, it proposes an ethical risk
governance framework centered on technical safeguards, institutional norms, and intelligent
monitoring to effectively address multiple layers of risk. Furthermore, the study develops a
multidimensional teaching evaluation model focusing on teaching effectiveness, student engagement,
and instructional innovation. It also establishes a research innovation performance evaluation
framework, incorporating key indicators such as research output, collaboration efficiency, and
innovation stimulation.The research outcomes aim to provide a scientific basis and decision-making
reference for the deployment, utilization, and governance of Al technologies in universities, thereby
promoting the standardized, secure, and sustainable application of large language models in higher
education.

Keywords: DeepSeek; Ethical Governance; Teaching Evaluation; Research Performance ;
Assessment
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